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Overview
The accelerating ups and downs of popular content results in a more rapid exhaustion 

of limited attention resources, which causes growing turnover rates. 



Data and data processing
● Dynamical measurements of categorized content as proxies for the amount of collective 

attention a topic receives 

● Measures various forms of population-level content consumption patterns

● Focus on twitter



Model
● The general nature of the observed development across both, domains 

and over time.

● The model topics competing for attention, driven by Imitation, and 

saturation, as a function of communication rates. 

● Combining these factors in a minimal mathematical model based on 

modified Lotka–Volterra, dynamics reproduces the empirical findings 

surprisingly well.



Result Analysis 

The distribution of gains and losses are growing broader.

Figure 1: Distribution of losses from the simulations and distribution of gains



Result Analysis 

Topics compete for finite collective attention.

Figure 2: Exemplary details of trajectories 



Result Analysis 

Faster communication causes temporal fragmentation.

                      Figure 3: Total amount of tweets                                      

                                                                                                                  Figure 4: Average trajectories L(t − tpeak)                   Figure 5: The intensity of bursts and time



Conclusion

Memory decay 

Content

Attention

Social media



Improvements

● More vision analysis, including TikTok, 

Instagram and Youtube

● Need to consider the “automatic pushed 

algorithms” in the app

● Divide the information more segmently
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